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Motivation SUN3D: A Place-centric 3D Database Generalized Bundle Adjustment
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The tasks that go into creating such NG Y
: o : Semantic RGB-D bundle adjustment Bounding box costs
a dataset are difficult in isolation: . R
ObJeCt S S - - - - - - - -
: : : : : . where ¥(X,s) = |max {0, X -, -X -7 S S
. Labeling videos is painstaking Labeling 2 2 e

» SfM is unreliable for large spaces. | -
But if we combine them together,
we make the dataset construction = I
task easier.

We use 3D to make object annota-
tion easier, and we use object labels
to correct large camera pose errors.

headboard £ chair

curtain door cabine

Segmented Point Cloud Merged from Different Views  Visualization of the Constraints

Data & Source Code Available
http://sun3d.cs.princeton.edu

SUN3D Data: Source Code:
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